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Abstract 

The adoption of Artificial Intelligence (AI) is reshaping recruitment processes in the European banking sector, where efficiency, 

accuracy, and compliance are strategic imperatives. This study investigates the extent to which AI improves recruitment 

efficiency, candidate selection quality, organisational outcomes, and candidate trust. Using a mixed-method approach, data 

were collected from 200 HR professionals and managers in European banks and supplemented with secondary industry 

evidence. Descriptive statistics, correlation, and regression analyses confirm that AI-driven recruitment significantly reduces 

time-to-hire and improves candidate-job matching, with recruitment process efficiency (β = 0.562, p < 0.001) and structured 

evaluation criteria (β = 0.377, p = 0.002) emerging as the strongest predictors of positive organisational outcomes. However, 

results also indicate that excessive reliance on automation can negatively affect candidate trust (β = −0.259, p < 0.05). These 

findings extend theoretical debates by applying the Technology Acceptance Model, the Resource-Based View, and Human 

Capital Theory to the context of banking recruitment, highlighting AI as both a strategic resource and a source of ethical and 

transparency challenges. Practical implications include the need for hybrid recruitment models combining automation with 

human oversight, enhanced transparency in candidate communication, and strict alignment with the EU AI Act. This study 

contributes original empirical evidence from European banking, offering theoretical, managerial, and policy insights into the 

responsible and effective adoption of AI in recruitment. 
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1. Introduction 

Artificial Intelligence (AI) is reshaping human resource 

management (HRM) practices across industries, with banking 

emerging as a leading sector in adoption. Recruitment pro-

cesses, traditionally resource-intensive, are now increasingly 

supported by AI tools to improve efficiency and candidate-job 

matching. For European banks, facing intense competition 

and regulatory oversight, the ability to adopt AI responsibly is 

a strategic imperative. While previous studies have high-

lighted AI’s efficiency gains, questions remain about its im-

plications for candidate trust, fairness, and compliance with 

the EU AI Act. 

This paper aims to evaluate the impact of AI adoption on 
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recruitment efficiency, candidate selection, organisational 

outcomes, and candidate trust in the European banking sector. 

By employing a mixed-method approach and grounding the 

study in the Technology Acceptance Model (TAM), the Re-

source-Based View (RBV), and Human Capital Theory, the 

paper provides empirical and theoretical contributions to the 

literature. The novelty of this research lies in its focus on the 

European banking context, an underexplored domain despite 

rapid AI uptake. 

The structure of this paper is as follows: Section 2 reviews 

the literature, Section 3 presents the methodology, Section 4 

reports results, Section 5 discusses implications, and Section 6 

concludes with recommendations. 

2. Literature Review 

Existing research confirms that AI transforms recruitment 

processes by automating resume screening, candidate-job 

matching, and interview scheduling [1]. From a broader hu-

man resource management perspective, AI adoption repre-

sents a structural transformation of HRM practices, reshaping 

recruitment, performance management, and workforce plan-

ning across industries [12]. 

Studies report efficiency gains of up to 30% in recruitment 

time when AI systems are applied in financial institutions [2]. 

In the banking sector, AI-driven recruitment tools have been 

shown to accelerate screening processes, improve objectivity, 

and reduce time-to-hire, particularly for highly specialized 

roles [11]. 

At the same time, AI enhances candidate evaluation by 

reducing human bias and introducing algorithmic consistency 

[3]. Recent empirical evidence further supports these findings, 

demonstrating that multi-criteria AI-based decision models 

significantly enhance candidate selection accuracy while 

reducing subjectivity in recruitment processes [10]. 

However, several scholars note risks: bias embedded in 

training data, reduced transparency, and erosion of candidate 

trust [4, 5]. Concerns related to transparency, accountability, 

and data privacy remain central to AI-enhanced recruitment, 

as opaque algorithmic decision-making can undermine can-

didate trust and organisational legitimacy [14]. 

Ethical frameworks, including the EU AI Act, emphasise 

the need for transparency and fairness in AI recruitment [6]. 

From a theoretical perspective, the Technology Acceptance 

Model (TAM) highlights how perceived usefulness and ease 

of use affect AI adoption among HR professionals [7]. The 

Resource-Based View (RBV) positions AI as a strategic asset 

capable of delivering sustainable competitive advantage when 

deployed responsibly [8]. According to the Resource-Based 

View, digital technologies such as AI can function as strategic 

resources when they are valuable, rare, and difficult to imitate, 

thereby supporting sustainable competitive advantage in or-

ganisations [13]. 

According to the Resource-Based View, digital technolo-

gies such as AI can function as strategic resources when they 

are valuable, rare, and difficult to imitate, thereby supporting 

sustainable competitive advantage in organisations [13]. 

Human Capital Theory further underscores AI’s role in 

enhancing the identification and development of skilled em-

ployees [9]. Yet, unresolved tensions remain between effi-

ciency and ethical responsibility, justifying the need for em-

pirical analysis in the European banking context. 

3. Methodology 

A mixed-method approach was adopted, integrating quan-

titative and qualitative elements to capture AI’s impact on 

recruitment. Primary data were collected via surveys distrib-

uted to 200 HR professionals and recruitment managers 

across European banks, using purposive sampling. Secondary 

data from consultancy reports and academic sources com-

plemented the analysis. SPSS was used for descriptive statis-

tics, correlation, and regression analyses. Key variables 

measured included time-to-hire, candidate selection quality, 

organisational outcomes, and trust. Ethical oversight ensured 

compliance with the General Data Protection Regulation 

(GDPR) and confidentiality requirements. 

4. Results 

Descriptive statistics revealed positive perceptions of AI, 

with mean scores above 3.9 on a 5-point scale. Correlation 

analysis showed strong links between recruitment efficiency, 

candidate selection, and trust. Regression analysis identified 

recruitment efficiency (β = 0.562, p < 0.001) and candidate 

evaluation (β = 0.377, p = 0.002) as significant predictors of 

organisational outcomes. However, AI adoption negatively 

correlated with candidate trust (β = −0.259, p < 0.05), sug-

gesting that overreliance on automation can undermine per-

ceptions of fairness. As illustrated in Table 1, mean scores for 

recruitment efficiency and candidate trust were particularly 

high, exceeding 4.0 on the 5-point scale. Figure 1 further 

shows that the majority of respondents were between 22 and 

30 years old, while Figure 2 demonstrates the gender imbal-

ance of the sample. Figure 3 highlights the strong educational 

profile of respondents, with over 87% holding at least an 

undergraduate degree. 
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Figure 1. Distribution of respondents by age group, showing that over 60% are between 22 and 30 years old. 

 
Figure 2. Gender distribution of respondents, indicating a male majority (62.4%) compared to female respondents (37.6%). 

 
Figure 3. Educational background of respondents, highlighting the dominance of undergraduate (46.4%) and postgraduate (40.8%) qualifi-

cations. 
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Figure 4. Conceptual framework illustrating hypothesised relationships between AI adoption, recruitment efficiency, candidate selection 

quality, organisational outcomes, and trust. 

Table 1. Descriptive statistics showing mean and standard deviation of recruitment-related variables (efficiency, selection quality, outcomes, 

trust, and ethical concerns). 

Variable Mean Std Dev 

Recruitment Efficiency 4.16 0.59 

Candidate Selection Quality 3.96 0.61 

Organisational Outcomes 4.13 0.62 

Candidate Trust 4.22 0.60 

Ethical Concerns 3.98 0.82 

Table 2. Correlation matrix summarising relationships among time-to-hire, candidate selection quality, organisational outcomes, and can-

didate trust. 

Variables Time-to-Hire Candidate Selection Organisational Outcomes Candidate Trust 

Time-to-Hire 1.00 0.78 0.40 0.70 

Candidate Selection 0.78 1.00 0.41 0.63 

Organisational Outcomes 0.40 0.41 1.00 0.65 

Candidate Trust 0.70 0.63 0.65 1.00 

Table 3. Regression analysis identifying significant predictors of organisational outcomes, including recruitment efficiency, candidate eval-

uation, and AI adoption. 

Predictor Beta p-value 

Recruitment Efficiency 0.562 <0.001 

Candidate Evaluation 0.377 0.002 

AI Adoption -0.259 0.044 
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Predictor Beta p-value 

Ethical Concerns -0.063 0.363 

 

5. Discussion 

The findings confirm that AI adoption enhances efficiency 

and candidate-job matching, but also highlight tensions be-

tween automation and candidate trust. This duality reinforces 

the Technology Acceptance Model, where usefulness is 

acknowledged, yet acceptance is limited by perceived loss of 

transparency. From a Resource-Based View, AI provides 

banks with rare and inimitable tools that strengthen competi-

tive advantage by accelerating recruitment cycles and im-

proving human capital acquisition. However, reputational 

risks emerge when candidates perceive AI systems as opaque 

or biased. Notably, large banks such as HSBC and UBS have 

already reported concerns about candidate perceptions when 

AI is overused in early screening stages. Practical implica-

tions suggest that European banks should adopt hybrid models, 

where AI automates initial filtering but human managers 

conduct final evaluations, ensuring fairness and empathy. 

Moreover, transparent communication about AI’s role in 

decision-making is critical to maintaining trust. Regulators 

and policymakers must also play a proactive role, with the EU 

AI Act offering a framework to align efficiency gains with 

ethical responsibility. These results advance Human Capital 

Theory by showing that the long-term benefits of AI depend 

on balancing efficiency with fairness, ensuring that recruit-

ment enhances not only organisational performance but also 

employer reputation. 

6. Conclusion and Recommendations 

This study demonstrates that AI adoption improves re-

cruitment efficiency, candidate selection quality, and organ-

isational outcomes in European banks, while also presenting 

challenges related to candidate trust and ethical responsibility. 

Practical recommendations include adopting hybrid recruit-

ment models, investing in HR training, enhancing transpar-

ency, embedding compliance with the EU AI Act, and con-

tinuously auditing AI systems for bias. Future research should 

explore longitudinal effects and cross-industry comparisons. 

AI in recruitment should be seen not as a replacement for 

human judgment but as a strategic complement that, when 

implemented responsibly, delivers efficiency without com-

promising fairness. 
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